MAR 536 Biological Statistics II Fall 2025

Practice Take-home Examination

The exam has two components (totaling 100 points):

1.

2.

Short (1-sentence) answer questions which are based on information in lectures but may require synthesis
of information from multiple lectures, (30 points)

Essay questions (~1-paragraph each) designed to test comprehensive understanding, familiarity and
experience with advanced statistical methods (70 points)

Section 1. Short-Answer Questions (2 points each)

1.

How does the generalized linear model extend a linear regression?

. What is Simpson’s paradox and how might you identify a cause of it in your data?
. If events A and B are independent, what is the variance of the sum A+B)?

. What theoretical probability distribution might be appropriate for data that are the proportions of

ponds in towns where bald eagles have been sighted? Give rationale for your choice.

. If you are counting the number of lobster caught in traps (where each trap is of the same size and set

time), what probability distribution would you expect your data to conform to? Why?

. What statistical parameter(s) are needed to describe:

a. a normal distribution?
b. a negative binomial distribution?
c. a uniform distribution?

. What does the probability distribution function of a random variable X describe?

. If you are interested in testing the effect of individual and activity level on body temperature, what

would be one aspect of the data plotted below that would concern you?
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9.

10.

11.
12.

13.
14.

15.

What typical model assumption is violated with the data depicted in the following plot?
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Why might you want to center your covariates (subtract their mean) before fitting a linear regression or
GLM?

What is a requirement for choosing an appropriate link function for a generalized linear model?

The time of day affects the ability to detect seals on a beach from photographs captured by aerial
drones, due to shadows cast when the sun is low in the sky. If you wanted to include time of day as a
predictor variable in a model for seal sightings, what might be an appropriate way of including this? Why?

How is Leave One Out Cross Validation (LOOCYV) related to k-fold cross-validation?

Why might you prefer to resample residuals rather than the data when performing bootstrapping for a
generalized linear model with multiple predictor variables?

After conducting a PCA, how would you determine how many principal components to interpret?



Section 2. Essays and Problems (10 points each)

1. Compare the relative strengths and weaknesses of residual sum of squares and likelihood as goodness-of-fit

criteria for parameter estimation.

2. What are the advantages and disadvantages of performing either validation, leave-one-out cross-
validation, and k-fold (say 10) cross-validation to assess the predictive ability and performance of a

model?

3. The table and figure below show estimated coeflicients from a poisson GLM of the number of hourly
users of a bike sharing program in Washington, DC. Counts of hourly bikers were predicted using the
covariates a) month of the year, b) hour of the day (from 0 to 23), ¢) workingday (an indicator variable
that equals 1 if it is neither a weekend nor a holiday), d) the normalized temperature (in Celsius), and
weathersit (a qualitative variable that takes on one of four possible values: clear; misty or cloudy;
light rain or light snow; or heavy rain or heavy snow). (Table and Figure and explanation of data from

James et al. 2021)

a. Why was a Poisson GLM chosen to analyze these data?

b. Interpret the results of the model. What do the estimated regression coefficients tell you about the relation

of the covariates to the number of bike users?

Coeflicient Std. error z-statistic p-value

Intercept 4.12
workingday 0.01
temp 0.79
weathersit [cloudy/misty] -0.08
weathersit[light rain/snow] -0.58
weathersit [heavy rain/snow] -0.93

0.01
0.00
0.01
0.00
0.00
0.17

683.96
7.5
68.43
-34.53
-141.91
-5.55

0.00
0.00
0.00
0.00
0.00
0.00

TABLE 4.11. Results for a Poisson regression model fit to predict bikers in
the Bikeshare data. The predictors mnth and hr are omitted from this table due
to space constraints, and can be seen in Figure 4.15. For the qualitative variable

weathersit, the baseline corresponds to clear skies.
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FIGURE 4.15. A Poisson regression model was fit to predict bikers in the
Bikeshare data set. Left: The coefficients associated with the month of the year.

4.

Minke whales dive at a rate of 1.5 dives per hour. What is the probability that in a six-hour period, a
given minke whale will NOT dive between 7 and 9 times (inclusive)?

An electronic tag detector to be used on a fish conveyor belt is tested by seeding a known number of
tagged fish into those passing by the detector and recording how many of the seeded tags are ‘found’
by the detector. a. What is an appropriate probability distribution to describe the number of tags
detected? b. The experiment is conducted three times, with 20 tags being seeded into the fish going
through the conveyor on each of the three occasions. Write out the likelihood function describing the
number of tags detected, and explain how you would obtain the maximum likelihood estimate for the
detection probability (probability that a tag is detected by the machine). ¢. In the 3 experiments,
the numbers of fish detected were 15, 18, and 17. What is the maximum likelihood estimate for the
probability of detecting a tag? d. EXTRA CREDIT: Calculate an estimate for the standard deviation
of the detection probability.

If you are modeling seasonal patterns of cod gonad weight, and you have observations distributed
throughout the year, what are the options for modeling a temporal effect, and how would you choose
among these options for the ‘optimal’ model?

The ‘doubs’ environmental data set contains water quality and other environmental characteristics of 30
sites along the Doubs river in France. A Principal Components Analysis of these data was performed,
with the results shown below (tables of eigenvalues & eigenvectors, biplot of the 1st two principal
components, & barcharts of the first four eigenvectors).

Interpret the results, including discussion of which principal components to interpret, association in the
different measurements and water properties, and what the reduced dimensions and site associations
might represent.

(The variables are: source_distance - distance from the source (km * 10), altitude - altitude (m),
slope - steepness of the river (log(x + 1) where x is the slope (per mil * 100)), stream_flow - minimum
average stream flow (m3/s * 100), pH (* 10), hardness - total hardness of water (mg/l of Calcium,),
phosphate - phosphates (mg/l * 100), nitrate - nitrates (mg/l * 100), ammonium - ammonia nitrogen
(mg/l * 100), ozygen - dissolved oxygen (mg/l * 10), biological_ozygen_demand - biological demand
for ozygen (mg/l * 10).)
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Doubs PCA eigenvalues
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Graphical representation of eigenvectors 1-4
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BONUS SECTION (10 additional points each for 8. & 9.)

8. Using the data in Laengelmavesi2.csv, find the estimate for the coefficient of variation (CV) of lengths
of pike. Use jackknifing to bias correct this estimate, and estimate the sampling error for the CV. Plot
a histogram of the jackknifed estimates for the CV, and add vertical lines corresponding to the upper
and lower limits of a central 95% confidence interval.

9. Assume there are 7,500 snow leopards in year 2023 and that annual growth rate of the snow leopard
population is lognormally distributed with a mean of 0.95 and log-standard deviation of 0.1. What
year will the probability they fall below 500 individuals exceed 20%? Plot a distribution over 1,000
simulations of the year in which the population falls below 500 animals.

( hint: re-use code from lab 6 and add the annual growth rate change to the population update equation)
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